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Executive Summary  

We focus on movements of individuals between employment, unemployment and inactivity in selected 

EU countries during the period 2008–2012.  Gross flow analysis confirms that young workers can be 

viewed as the “risk” (or marginalised) group, characterised by a relatively higher aggregate labour 

market turnover compared to the “reliable” prime-age workers. An analysis of flow transition rates shows 

that young workers suffer relatively more from job losses followed by unemployment. However, as a 

rule, they also record relatively higher outflows from unemployment to jobs. In this logic, the main policy 

challenge is to focus on stability, not the provision of jobs for young people. A more detailed analysis of 

transitions from employment to unemployment considers age category of a worker, as well as gender, 

education, work experience, family background or regional disparities. It confirms the importance of 

policies targeted at protection of jobs for young workers, who need to gain relevant work experience 

promptly after entering the labour market. In addition, the role of higher education is crucial. The fact 

that education typically decreases the probability of becoming unemployed holds for young workers 

even more than for prime-aged workers. 

In the initial stage of the Great Recession (2008–2009), youth unemployment rates grew faster than 

prime-age unemployment rates. The relatively stronger contribution of flows from employment to 

unemployment was the key source of a more rapid growth in youth unemployment rates. In direct 

contrast, had the flows from unemployment to employment been the only driver of unemployment rate 

dynamics, youth unemployment rates would actually have developed more favourably than prime-age 

unemployment rates. After a short period in 2010–2011, when the developments of youth and prime-

age unemployment rates started to converge, the relatively high flows of young workers from 

employment to unemployment in 2012 again represent the major problem behind the observed 

disproportionate increases in youth unemployment rates.   

Finally, we examine the extent to which the job-finding chances of young unemployed decline due to 

the length of their unemployment episodes. The results show growing negative duration dependence 

of youth unemployment as the Great Recession progressed even after we controlled for the 

characteristics of unemployed and their unobserved heterogeneity. As the number of months after 

which the chance to find a job decreases differs from country to country, we suggest a country-specific 

adjustment to the idea of the "Youth Guarantee", which promotes uniformly that young people in the 

EU are offered a quality job offer, an apprenticeship or training within four months after graduation or 

job loss.  

 

Key words: Flow transition rates, gross labour market flows, hazard function, unemployment 
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1. Introduction 

Youth labour markets are specific for several reasons. First, only a fraction of school-leavers and 

university graduates immediately manage to find a stable and satisfactory job. The rest initially faces 

unemployment or frequent job changes combined with repeated unemployment spells. This situation 

is often attributed to educational mismatch on youth labour markets, to a lack of work experience and 

to the absence of firm-specific skills (Quintini and Manfredi, 2009; McGuinness and Wooden, 2009; 

ILO, 2013). Second, the position of young workers in a firm is less stable even when education, skills 

and other characteristics match the employer’s requirements. Young employees are still more likely 

subject to layoffs, for instance through the frequent practice of fixed-term labour contracts, or because 

of the application of last-in first-out (LIFO) rules and the existence of seniority-weighted redundancy 

payments (Bell and Blanchflower, 2011). The Great Recession had amplified the existing difficulties of 

young people on labour markets, a situation which resulted in youth unemployment rates increasing 

faster than prime-age unemployment rates (ECB, 2012). Our intention is to analyse in detail the youth 

labour market dynamics in selected EU countries over various stages of the Great Recession. A view 

offered in this paper is based on the flow approach, and focuses on the following questions:  

 How does the labour market dynamics, expressed by the aggregate movements (gross flows) 

of young people between employment, unemployment and inactivity, differ from the dynamics 

of prime-age labour market?  

A relative involvement of working-age population in gross labour market flows traditionally serves as a 

proxy for assessing the degree of aggregate fluidity/tightness of labour markets (Blanchard and 

Diamond, 1990; Gomes, 2009; Elsby et al. 2011). Considering the above noted arguments, we predict 

that compared to prime-age individuals, young people will be relatively more involved in gross flows. 

Yet, the concrete amount and composition of these flows and their stability over time and across 

countries still need to be analysed. We hope that answers to these questions will deliver some empirical 

insights into age- and country-specific adjustment paths that were typical for European labour markets 

in the period of our interest.  

 

 How different are the probabilities of young and prime-age individuals to change their labour 

market states? Which of the established differences is crucial for the gloomy labour market 

perspectives of young people?   

We assume that a young worker is at relatively higher risk of moving from employment to 

unemployment. At the same time, we expect to verify a relatively better employability of a young 

unemployed compared to a prime-age unemployed (because of lower reservation wages, lower 

redundancy costs, higher acceptance of less stable or less “significant” jobs, etc.). Such quantifications 
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would inform us about the existing gap between labour market perspectives of young and prime-age 

individuals, and thus provide some benchmarks for policies aimed at improving the relative position of 

young individuals on the labour market. We also intend to investigate the age, gender and education 

specificities of youth transitions between labour market states.    

 

 How do the movements of individuals from one labour market status to another shape the 

development of youth and prime-age unemployment rates? Which flow is crucial for the 

observed age-based differences in unemployment rate dynamics?  

The flows of workers between labour market states determine the variations in unemployment rate 

(Shimer, 2007; Petrongolo and Pissarides, 2008; Elsby et al., 2011; Dixon et al. 2011). In such a way, 

a direct link can be established between the different unemployment performance in various countries, 

age categories and periods and the concrete gross flow, which contributes decisively to the observed 

aggregate differences.  In line with Elsby et al. (2011, p. 4) we argue that this is of policy relevance, as 

…”policy that focused on encouraging outflows from unemployment may not be as relevant in an 

economy in which rises in unemployment were driven by changes in the rate of outflows from 

employment“.  

 

 How do unemployment durations and the characteristics of young and prime-age unemployed 

influence their chances to find a job?  

With increasing unemployment duration, the unemployed persons are becoming stigmatised and/or 

discouraged from further job search (Blanchard, 1999; Shimer, 2007). It is therefore crucial not only to 

establish the individual and other characteristics that are significant for job-finding probability, but also 

to find the “critical” length of unemployment episode after which the job-finding probabilities start 

declining. Such information should help the policy makers decide when to implement efficiently various 

activation measures with the aim to prevent rises in long-term unemployment. To that end we apply 

the discrete-time proportional hazard models (Cox, 1972; Jenkins, 1997).  

Section 2 describes our methodology. In Section 3, we propose how to conduct international flow 

analyses by exploring the longitudinal EU-SILC. In Section 4, we focus on gross labour market flows, 

transitional probabilities, and on the link between labour market transitions and unemployment rate 

dynamics. In Section 5, we explore survival functions and hazard models to estimate the impact of 

unemployment duration on the probability to find a job, along with a set of explanatory variables. 
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2. Methodology 

The quantification of gross labour market flows involves the number of individuals entering the 

labour market from previous inactivity ( 𝐼𝑡−1 ), and moving either into employment (𝐸𝑡 ) or 

unemployment (𝑈𝑡). It also captures those who leave employment (𝐸𝑡−1) and move either into 

unemployment (𝑈𝑡) or inactivity (𝐼𝑡). Finally, there are people exiting unemployment  (𝑈𝑡−1) and 

moving either into employment (𝐸𝑡) or inactivity (𝐼𝑡). Our weighted matched samples involve 23 

monthly observations of gross labour market flows for the periods 2008–2009 and 2010–2011. In 

addition, we also explore the latest available monthly data for 2012 to reflect the most recent 

developments (see Section 3 for details). Based on this information, we can calculate the average 

monthly number of individuals involved in each of the six gross flows. We present these results in 

Figure 1 in Section 4, where the term 𝑈𝐸 stands for  (𝑈𝑡−1 → 𝐸𝑡)/(𝐸𝑡−1+𝑈𝑡−1+ 𝐼𝑡−1), and indicates 

in per cent the average share of young or prime-age individuals involved every month in a gross 

flow from unemployment to employment (and so on for 𝐸𝑈;𝐸𝐼, … ). 

Transitional probabilities (flow transition rates) represent a first-order Markov process, where the 

probability of moving from the previous to the current labour market status depends exclusively on 

the individual’s previous status (Blanchard and Diamond, 1990; Gomes, 2009; Elsby et al. 2011; 

ECB, 2012). For instance, an unemployed individual’s probability of finding a job in the current 

month is λ𝑈𝐸 = (𝑈𝑡−1 → 𝐸𝑡)/ 𝑈𝑡−1.  All possible flow transition rates form a 3x3 matrix, where 

the diagonal terms represent unchanged labour market states. Each row also involves two off-

diagonal terms indicating the transitional probabilities. In a fully tight labour market, the off-diagonal 

terms equal zero. Conversely, in a completely fluid labour market with 100 per cent transitions of 

individuals between the states, the diagonal terms equal zero. We report the results in Figures 2–

6 in Section 4. 

The analysis of transitional probabilities aims to quantify the gap between labour market 

perspectives of both age groups. In particular, we intend to establish which transitional probability 

(we assume the one from employment to unemployment) can best demonstrate the gloomy labour 

market prospects of young individuals. Then we concentrate on the determinants of that probability 

by using a binary probit model. Our approach is analogous to, e.g., that of Kelly et al. (2014). If the 

transition of our interest occurs, the dependent variable equals 1, otherwise it equals 0. The 

explanatory variables are a dummy for men, two dummies for education, years of work experience, 

three dummies for household size, and two dummies for population density in the place of 

residence. For the sake of convenient interpretation, we report the average marginal effects. We 
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perform our estimates for pooled samples (with a dummy for prime-aged) and then separately for 

both age groups - see Tables 1a-1c in Section 4 for results. 

The results obtained by using the above-suggested approaches should be adequate for 

assessment of the differences in labour market perspectives of both age groups. However, such 

results alone cannot reveal the direct link between the observed labour market dynamics and the 

evolution of unemployment rates. Changes in unemployment rate occur due to a net change in 

the number of unemployed and/or due to changes in the size of the labour force. A net change in 

unemployment is in formula (1) expressed in terms of the corresponding gross flows, which are 

additionally rearranged as a product of the respective flow transition rate 𝜆 and the labour market 

stock (𝐸,𝑈, 𝐼) at time (𝑡 − 1). As the next step, a change in unemployment rate is decomposed 

into the contributions of the “ins” and “outs” of unemployment, while the third term shows the 

contribution of changes in labour force: 

∆ (
𝑈

𝐿𝐹
) =

𝑈𝑡

𝐿𝐹𝑡
− 

𝑈𝑡−1

𝐿𝐹𝑡−1
= (λ𝐸𝑈 𝐸𝑡−1

𝐿𝐹𝑡
+ λ𝐼𝑈 𝐼𝑡−1

𝐿𝐹𝑡
)

⏟              
𝐼𝑁 

− (λ𝑈𝐸 𝑈𝑡−1

𝐿𝐹𝑡
+λ𝑈𝐼 𝑈𝑡−1

𝐿𝐹𝑡
)

⏟              
𝑂𝑈𝑇

+𝑈𝑡−1 (
1

𝐿𝐹𝑡
−

1

𝐿𝐹𝑡−1
).          (1) 

Dixon et al. (2011) applied a conceptually very similar framework on US data. Flek and Mysíková 

(2015) used it in a slightly modified form for analysis of unemployment rate dynamics in various 

age groups in Central Europe. A more common practice is to follow Shimer (2007), Petrongolo 

and Pissarides (2008) and others, to show how much of the variance of the steady state 

unemployment rate accounts for changes in the flow transition rates. See also Elsby et al. (2011); 

Baranowska-Rataj and Magda (2013) for applications on youth unemployment rate dynamics. A 

credible compliance with this direction would require data gathered over longer time than EU-SILC. 

This is why we limit ourselves to a “flow” decomposition of the observed changes in unemployment 

rates, in line with the above-described framework. Table 2 in Section 4 indicates the contributions 

of the above-defined components to the youth and prime-age unemployment rate dynamics.  

The KM estimator represents a non-parametric estimate of the survival function. The survival 

curves are declining over time in line with the emergence of closed unemployment spells, which 

terminate in a transition to employment – see Figure 7 in Section 5. Then we build up on a discrete-

time proportional hazard model (Cox, 1972; Jenkins 1997). As our data are grouped by months, 

we use a discrete-time model: 
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ℎ𝑗(𝑋𝑖) = 1− 𝑒
−𝑒

(𝑋𝑖
′𝛽+𝛾𝑗)

                                                                                                                                 (2) 

where, for each duration interval, ℎ𝑗(𝑋𝑖) represents hazard function for 𝑖th spell in the 𝑗th interval 

and the parameter 𝛾𝑗 represents natural logarithm of the baseline hazard over the relevant interval. 

We use six different duration intervals: 𝑗 = 1 represents first two months of unemployment spell; 

𝑗 = 2 stands for spells lasting 3−4 months; 𝑗 = 3 for spells of 5−6 months; 𝑗 = 4 for spells between 

7 and 10 months; 𝑗 =  5 for spells between 11 and 15 months; and finally 𝑗 = 6 represents 

reference spells of 16−24 months. For 2012, there are only five duration intervals, with j = 5 for a 

reference spell lasting 11−12 months. The vector of covariates 𝑋𝑖 consists of three dummies for 

different age intervals, three dummies for household size, a dummy variable for male, two 

dummies for the highest attained levels of education (secondary and tertiary), and two dummies 

for densely and medium-populated place of residence. For the sake of better interpretation, the 

coefficients are transformed into hazard ratios.  

The set of chosen covariates may not capture all the existing individual differences among 

unemployed, and their unobserved heterogeneity may lead to spurious duration dependence 

(Machin and Manning, 1999). This necessitates controls for unobserved heterogeneity to detect 

the presence of “true” duration dependence. The STATA routine pmghaz8 uses for this purpose 

the mixed proportional hazard model, where the continuous hazard rate contains a gamma-

distributed random variable with unit mean and unknown variance which is to be estimated 

(Jenkins, 1997) - see Tables 3a–3c in Section 5 for results for age group 16–34, and Tables A4–

A6 in Appendix for results for reference age group 35–54.  
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3. Data 

European flow analyses typically suffer from data limitations and concern working-age population 

as a whole rather than the youth and their sub-groups. One of the exceptions known to us is Elsby 

et al. (2011), who deal explicitly with the flows of young people in the UK. In addition, the existing 

flow literature often lacks international dimension and/or longitudinal structure (Burda and 

Wyplosz, 1994; Cazes and Nesporova, 2007; Gomes, 2009). The use of longitudinal EU-SILC 

offers at least a partial solution to these problems. It is designed as a four-year rotational panel 

and its character makes it possible to identify each respondent’s labour market status on a monthly 

basis. It also contains a set of individual and other characteristics relevant for our purposes. The 

definition of employment involves regular employees and self-employed individuals (including 

family workers) engaged in either part-time or full-time jobs. Unemployment is self-defined, based 

on the person’s individual perception. The inactivity group consists of students, further trainees, 

individuals with unpaid work experience, retirees and early retirees, permanently disabled, military 

personnel, people conducting domestic work and care responsibilities, and other inactive persons. 

Due to the data structure, we consider only the lastly reported information on education level, place 

of residence or household size. We treat these characteristics as time-invariant.  

Using EU-SILC as a source of data for our analysis is not without its drawbacks. The retrospective 

nature of reported economic activity and its self-declared character may lead to calendar bias in 

the data and to deviation from the ILO definition of unemployment. The survey structure does not 

enable to analyse direct job-to-job flows of respondents. Furthermore, the concrete data sets used 

in this paper do not provide an EU-wide coverage of countries. For instance, EU-SILC UDB 2012 

(version 1 of August 2014) does not contain data for five EU countries (Germany, Ireland, 

Romania, Sweden, and Slovakia). For at least nine other countries, the data are less suitable for 

our proposed analysis in terms of size and/or structure of the longitudinal subsamples (Cyprus, 

Denmark, Finland, Greece, Lithuania, Malta, Netherlands, Portugal, and the UK). For this reason, 

we concentrate only on those countries with the most suitable data, which in their nature can at 

least partially represent the diversity of the EU. South-west of the EU is represented by France, 

Italy and Spain, the former communist economies by the Czech Republic and Poland, and Austria 

is included to represent low unemployment/high productivity countries. 

We extract a two-year period from EU-SILC 2010 (EU-SILC LONGITUDINAL UDB 2010, version 

5 of August 2014), which covers monthly economic activity for 1/2008–12/2009, and another two-

year period from EU-SILC 2012, which includes data for 1/2010–12/2011 (EU-SILC 

LONGITUDINAL UDB 2012, version 1 of August 2014). Both of these subsamples provide chains 
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of 23 monthly individual labour market states, and contain far more respondents than a single, 

four-year panel of EU-SILC. We also add data for 1–12/2012 from EU-SILC 2013 (EU-SILC UDB 

2013, version 2 of August 2015). We deal with young people aged 16–34 in the beginning of all 

analysed periods. Prime-age population aged 35–54 in the beginning of both analysed periods 

represents a reference group. Only the respondents with full survey participation over the chosen 

sub-periods have been selected for further analysis. Therefore, our subsamples are pure panels, 

where all the reported month-to-month individual labour market states are matched. We apply the 

longitudinal weights designed by Eurostat specifically for these subsamples, the standard means 

of minimising the possible attrition bias. As for the calendar bias, we avoid it by averaging the 

observed status changes over the sub-periods analysed. The data organised in the above-

described way consider an individual as unit of analysis.  

The binary probit models require a modified approach. Regarding the two-year periods 2008–2009 

and 2010–2011, we extract from non-weighed samples all employment episodes that started at 

any time between the first month of the first year (1/2008 or 1/2010), and the beginning of the 

second year (1/2009 or 1/2011). As for the one-year period 2012, we concentrate on employment 

that started in the first month (1/2012). In all the three periods we observe whether or not the 

employment-unemployment transitions occur throughout the next eleven months. Multiple 

incidences of employment are all included as separate observations (N in Tables 1a-1c). Data for 

2012 are often less suitable for the proposed analysis, as the share of employment-unemployment 

transitions is less than 5 % of the samples. Such results were omitted in Table 1c. In addition, we 

have to admit that this part of analysis is potentially most prone to calendar bias.  

Section 5 uses an unemployment spell as the unit of analysis. This specificity leads again to 

application of non-weighted samples, which are now limited to individuals who experienced 

unemployment during the observed periods. The choice of wider duration intervals for longer 

unemployment spells should account for the possible calendar bias. Note also that an individual 

might experience more than one unemployment spell (N in Tables 3a–3c in Section 5 and in Tables 

A4–A6 in Appendix). For the sake of clarity, we continue to refer to respondents or individuals, but 

some of them might actually represent more than one observation. The data used in Section 5 are 

naturally censored. We introduce a censoring indicator “1” if unemployment spell terminates in 

employment, and “0” in all other cases. The models applied consider the right-censored data, while 

left-censoring remains generally unaddressed by estimation techniques available to us. 
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4. Labour dynamics and unemployment  

Figure 1 reveals that young people are relatively more often involved in gross labour market flows than 

prime-age individuals. This confirms the observations of Elsby et al. (2011) for the UK, who also 

established that young people “churn” trough the labour markets relatively more frequently. Although 

the results in Figure 1 do not involve the 55+ age group, the analysed EU countries signal a generally 

lower degree of fluidity compared to labour markets in the US/UK, where between five and seven per 

cent of working-age individuals change their labour market status on average every month or quarter 

(Gomes, 2009). In this respect, our results are in line with the general view that considers the Anglo-

American labour markets considerably more fluid than labour markets in continental Europe.  

Figure 1 Gross flows as percentages of total matched labour market stocks (monthly averages) 
 

  

Sources: EU-SILC LONGITUDINAL UDB 2010, version 5 of August  2014; EU-SILC LONGITUDINAL UDB 2012, version 1 of 
August 2014; EU-SILC UDB 2013, version 2 of August 2015; own computations. 

The results in Figure 1 suggest the presence of country-specific patterns in labour market dynamics 

during the Great Recession. In Austria and Spain, in both age categories tendency prevails towards 

considerably higher aggregate fluidity of their labour markets compared to the rest of countries 

analysed. Perhaps most importantly, the relatively higher labour market turnover of young people 

signals that they are likely to form the “risk” or marginalised group: “Workers who are perceived as more 

uncertain, or more risky to hire…may become marginalized… Turnover for the risky workers will be 

high… Duration of unemployment will be shorter for the risky workers, with brief spells of employment 

in between when it turns out that the fit is not good.” (Blanchard 1999, pp. 41, 44). We will test the 

validity of these assumptions in more detail later in the text. 
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Figure 2a Age structure of flow transition rates: 2008–2009 (average monthly probabilities of moving 
from one labour market status to another, in per cent)  

 

 

 

Figure 2b Age structure of flow transition rates: 2010–2011 (average monthly probabilities of moving 
from one labour market status to another, in per cent) 

 

Figure 2c Age structure of flow transition rates: 2012 (average monthly probabilities of moving from one 
labour market status to another, in per cent) 

 

Sources: EU-SILC UDB 2010, version 5 of August 2014; EU-SILC UDB 2012, version 1 of August 2014; EU-SILC UDB 2013, 
version 2 of August 2015; own computations. 
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Figures 2a–2c confirm the presence of age-specific inequality in the distribution of job-loss risk. Young 

workers are relatively more likely to lose their jobs and become unemployed than prime-age workers, 

a finding which holds true for all countries and periods analysed. The youth age band is rather 

heterogeneous in this respect - the youngest categories face the highest risk. All this suggests that 

employers appear to treat young workers as a “risk” or marginalised group in Blanchard’s (1999) 

fashion, a label which leads to their relatively higher exposure to layoffs followed by unemployment. 

Insider power of core (prime-age) workers and the related seniority-based restrictive practices such as 

LIFO are likely to function as an additional factor that disfavours the young employees. At the same 

time, a young unemployed is more attractive than a prime-age one when firms hire new workers.  This 

also applies in most cases to job finding probability of previously inactive young people. These findings  

will probably again label  the youth as a “risk” or marginalised group, forced to accept lower wages, less 

stable jobs or lower positions compared to the “reliable” (prime-age) segment of the workforce.  

Figure 3 Gender structure of youth flow transition rates (average monthly probabilities of moving from 
one labour market status to another, in per cent; p1: 2008–2009; p2: 2010–2011; p3: 2012) 

 

Sources: EU-SILC UDB 2010, version 5 of August 2014; EU-SILC UDB 2012, version 1 of August 2014; EU-SILC UDB 2013, 
version 2 of August 2015; own computations. 

The category of young people is heterogeneous in the way gender and education influences the 

perspective to find a job. Figure 3 suggests that, in the majority of countries, young unemployed men 

have relatively better chances to find a job than young unemployed women. Over time, this tendency 

weakens somewhat. In contrast, previously inactive young men usually become unemployed more 

often than young women. Figure 4 confirms positive links between education and labour market 

prospects of young people. However, educational patterns of youth transitions from inactivity to 

unemployment reveal a high exposure of university graduates to unemployment risk. This suggests that 

highly educated young labour market entrants are quite hesitant to accept “second-rate” jobs, even if 

this means a longer time of job search.  
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Figure 4 Educational structure of youth flow transition rates (average monthly probabilities of moving 
from one labour market status to another, in per cent; p1: 2008–2009; p2: 2010–2011; p3: 2012)  

 

Sources: EU-SILC UDB 2010, version 5 of August 2014; EU-SILC UDB 2012, version 1 of August 2014; EU-SILC UDB 2013, 
version 2 of August 2015; own computations. 

 

Figure 5 reveals substantial cross-country differences behind the youth‘s movements between 

employment and unemployment. The same applies to Figure 6 where we compare the job finding rates 

of new labour market entrants with their rates of exits from inactivity to unemployment. 

Figure 5 Youth transition rates between employment and unemployment (monthly averages in per cent) 

 

Sources: EU-SILC UDB 2010, version 5 of August 2014; EU-SILC UDB 2012, version 1 of August 2014; EU-SILC UDB 2013, 
version 2 of August 2015; own computations. 

In general, the results suggest that poorly performing youth labour markets, e.g. the Spanish one, have 

not failed in all relevant aspects. In fact, there appear to be two major obstacles to their development: 

the highest risk of job loss faced by young workers, combined with the highest unemployment risk faced 

by previously inactive young people. However, over time, Spain appears to succeed remarkably in 

lowering the later risk. The policy makers in Spain should therefore concentrate most urgently on a 

higher stability of jobs held by young people, as the remaining flow transition rates are already similar 
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or in some cases even better compared to the remaining countries. The results also illustrate the 

exceptional youth labour market performance of Austria, which steadily features the best job-finding 

rates, and this distance between Austria and the remaining countries seems to increase over time. 

Figure 6 Youth transition rates from inactivity to labour market (monthly averages in per cent) 

 

Sources: EU-SILC UDB 2010, version 5 of August 2014; EU-SILC UDB 2012, version 1 of August 2014; EU-SILC UDB 2013, 
version 2 of August 2015; own computations. 

The present results indicate that, compared to prime-age individuals, the main difficulty faced by young 

people on the labour market is their disproportionately higher exposure to layoffs followed by 

unemployment. Tables 1a-1c below summarise the key factors that influence the probability of losing a 

job and becoming unemployed.  We present the results for pooled samples of young and prime age 

individuals in two specifications (see the first two columns in Tables 1a-1c). The first one does not 

involve work experience, and confirms significantly lower probability of prime-age workers to lose job 

and become unemployed.  The second specification includes work experience, a variable that proves 

significant in all cases. With added controls for work experience, however, the previously established 

age-group effect weakens substantially; in some cases, it loses its significance or even reverses. These 

results suggest that young workers need to accrue very quickly the relevant work experience as this 

diminishes their risk of job loss and becoming unemployed. Tables 1a-1c also report results for 

estimations performed separately for the youth and prime-age workers. They show that higher 

education levels significantly cut the probability of losing a job and becoming unemployed. The effect 

of education is typically stronger for young workers than for prime-age ones. The effects of gender, 

household size or population density are rather country-specific or vary over time.   
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Table 1a Probit models of determinants of transitions from employment to unemployment: 2008–2009 (average marginal effects) 

           AT               CZ             ES   

 pooled pooled youth prime age pooled pooled youth prime age pooled pooled youth prime age 

Prime age -0.048***  0.044**      -       - -0.040*** -0.003      -       - -0.131*** -0.022**      -     - 

Male  0.033***  0.045***  0.027  0.054*** -0.016** -0.013* -0.004 -0.018** -0.032*** -0.008  0.004 -0.012 

Tertiary education -0.150*** -0.156*** -0.228*** -0.138*** -0.147*** -0.159*** -0.176*** -0.132*** -0.199*** -0.109*** -0.099*** -0.112*** 

Secondary education -0.100*** -0.090*** -0.087*** -0.096*** -0.088*** -0.093*** -0.080*** -0.080*** -0.138*** -0.078*** -0.064*** -0.082*** 

Experience (in years)      -  -0.006*** -0.005** -0.006***       - -0.002*** -0.009***  0.000       - -0.004*** -0.009*** -0.003*** 

HH size – 1 member b)  0.082***  0.101***  0.137***  0.089***  0.029**  0.037*** -0.005  0.048***       a)     a)     a)     a) 

HH size – 2 members  0.072***  0.090***  0.121***  0.081***  0.008  0.015 -0.005  0.013  0.010  0.010  0.002  0.014 

HH size – 3 members  0.027*  0.038***  0.073***  0.025  0.003  0.007  0.007  0.004  0.009  0.003 -0.002  0.006 

Densely populated area  0.004 -0.008  0.025 -0.025* -0.042*** -0.045*** -0.050*** -0.038*** -0.038*** -0.02** -0.053*** -0.004 

Medium-populated area -0.017 -0.018 -0.003 -0.024 -0.021** -0.020** -0.036** -0.010 -0.011  0.003 -0.015  0.013 

Pseudo R2  0.046  0.061  0.058  0.060  0.043  0.048  0.061  0.048  0.065  0.054  0.027  0.050 

AUC  0.651  0.676  0.662  0.677  0.657  0.664  0.684  0.660  0.675  0.673  0.617  0.672 

N  3982  3982  1215  2677  5484  5451  1973  3478  9799  7828  2577  5251 

 
 
Table 1a - cont.  

           FR               IT                 PL   

 pooled pooled youth prime age pooled pooled youth prime age pooled pooled youth prime age 

Prime age -0.102*** -0.000      -      - -0.069*** -0.015**        -      - -0.065***  0.024**      -      - 

Male  0.004  0.015**  0.013  0.015** -0.025*** -0.017*** -0.038*** -0.008  0.007  0.017***  0.017  0.018** 

Tertiary education -0.101*** -0.105*** -0.178*** -0.069*** -0.057*** -0.075*** -0.048*** -0.085*** -0.121*** -0.123*** -0.144*** -0.126*** 

Secondary education -0.045*** -0.037*** -0.065*** -0.026*** -0.038*** -0.047*** -0.018 -0.055*** -0.046*** -0.041*** -0.071*** -0.025** 

Experience (in years)      - -0.007*** -0.019*** -0.004***       - -0.005*** -0.011*** -0.004***      - -0.006*** -0.011*** -0.004*** 

HH size – 1 member b)  0.067***  0.069***  0.038  0.077*** -0.004 -0.002 -0.031  0.010      a)      a)     a)      a) 

HH size – 2 members  0.028***  0.042***  0.050**  0.033*** -0.002  0.003 -0.022  0.014  0.025***  0.040***  0.035*  0.041*** 

HH size – 3 members  0.017*  0.026***  0.030  0.020**  0.003  0.005 -0.013  0.014** -0.011  0.000 -0.019  0.011 

Densely populated area -0.003 -0.01 -0.026 -0.004 -0.030*** -0.031*** -0.034** -0.027*** -0.006 -0.000 -0.022  0.012 

Medium-populated area -0.013 -0.013 -0.058***  0.004 -0.022*** -0.021*** -0.028** -0.016** -0.006 -0.003 -0.029  0.007 

Pseudo R2  0.061  0.095  0.083  0.065  0.032  0.045  0.027  0.048  0.036  0.063  0.053  0.059 

AUC  0.682  0.725  0.700  0.694  0.639  0.667  0.624  0.669  0.631  0.688  0.666  0.683 

N  7449  7449  2387  5018  11752  11608  3695  7913  8782  8694  3097  5597 

 
Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% level.  a) One- and two-person households merged 
due to a low share of observations in the first category. 
Sources: EU-SILC UDB 2010, version 5 of August 2014; own computations. 
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Table 1b Probit models of determinants of transitions from employment to unemployment: 2010–2011 (average marginal effects) 

   AT            CZ             ES   

 pooled pooled youth prime age pooled pooled youth prime age pooled pooled youth prime age 

Prime age -0.040***  0.034**     -      - -0.031***  0.009      -      - -0.115*** -0.011      -      - 

Male  0.005  0.019*  0.024  0.024** -0.007 -0.003  0.007 -0.008 -0.021** -0.001 -0.018  0.007 

Tertiary education -0.167*** -0.181*** -0.220*** -0.163*** -0.116*** -0.125*** -0.140*** -0.109*** -0.154*** -0.110*** -0.097*** -0.119*** 

Secondary education -0.086*** -0.084*** -0.101*** -0.076*** -0.081*** -0.084*** -0.076*** -0.079*** -0.093*** -0.066*** -0.123*** -0.047*** 

Experience     - -0.005*** -0.001 -0.006***      - -0.002*** -0.007*** -0.001**      - -0.005*** -0.006*** -0.005*** 

HH size – 1 member b)  0.024  0.044***  0.029  0.049***  0.025**  0.035*** -0.011  0.051***      a)     a)     a)      a) 

HH size – 2 members  0.026**  0.045*** -0.001  0.064***  0.012  0.023**  0.020  0.019* -0.013  0.000 -0.014  0.004 

HH size – 3 members -0.012  0.000 -0.012  0.006  0.004  0.009 -0.008  0.015  0.018* -0.005 -0.010 -0.004 

Densely populated area  0.014  0.005  0.033 -0.006 -0.027*** -0.029*** -0.033** -0.026*** -0.050*** -0.022** -0.036* -0.017* 

Medium-populated area -0.004 -0.008  0.031 -0.023* -0.010 -0.011 -0.009 -0.012 -0.030** -0.002 -0.005 -0.001 

Pseudo R2  0.044  0.063  0.045  0.072  0.035  0.041  0.048  0.041  0.052  0.060  0.028  0.062 

AUC  0.652  0.686  0.641  0.695  0.641  0.649  0.660  0.648  0.661  0.682  0.622  0.690 

N  4057  3972  1274  2698  5564  5552  1867  3685  7735  6344  1763  4581 

 
 
Table 1b - cont. 

           FR                    IT             PL   

 pooled pooled youth prime age pooled pooled youth prime age pooled pooled youth prime age 

Prime age -0.104*** -0.006      -      - -0.107*** -0.039***       -       - -0.069***  0.034***      -      - 

Male -0.011*  0.002 -0.013  0.006 -0.030*** -0.021*** -0.017 -0.022*** -0.030*** -0.016** -0.033** -0.007 

Tertiary education -0.108*** -0.113*** -0.196*** -0.076*** -0.090*** -0.112*** -0.148*** -0.095*** -0.173*** -0.170*** -0.160*** -0.185*** 

Secondary education -0.043*** -0.038*** -0.078*** -0.023*** -0.057*** -0.065*** -0.085*** -0.057*** -0.074*** -0.062*** -0.056** -0.061*** 

Experience     - -0.006*** -0.019*** -0.004***      - -0.006*** -0.018*** -0.004***    - -0.006*** -0.014*** -0.005*** 

HH size – 1 member b)  0.046***  0.053***  0.041  0.049***  0.001  0.007 -0.036  0.024**     a)     a)     a)    a) 

HH size – 2 members  0.025***  0.039***  0.034*  0.030***  0.002  0.005 -0.034  0.020**  0.027***  0.042***  0.052***  0.033*** 

HH size – 3 members  0.015*  0.024***  0.020  0.017* -0.018** -0.015* -0.048*** -0.001  0.013  0.022***  0.025*  0.020** 

Densely populated area -0.021*** -0.014* -0.029* -0.007 -0.019** -0.021**  0.009 -0.032***  0.003  0.004 -0.033**  0.026*** 

Medium-populated area -0.003  0.002 -0.014  0.008 -0.030*** -0.028*** -0.012 -0.032***  0.018**  0.021**  0.023  0.020** 

Pseudo R2  0.068  0.105  0.099  0.061  0.039  0.055  0.043  0.0336  0.040  0.069  0.066  0.065 

AUC  0.692  0.737  0.726  0.685  0.647  0.671  0.643  0.645  0.644  0.688  0.682  0.689 

N  7774  7736  2387  5349  10412  10251  2905  7346  8464  8407  3071  5336 

 
Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% level.  a) One- and two-person households merged 
due to a low share of observations in the first category. 
Source: EU-SILC UDB 2012, version 1 of August 2014; own computations.  
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Table 1c Probit models of determinants of transitions from employment to unemployment: 2012 (average marginal effects) 

        AT           CZ             ES   

 pooled pooled youth prime age pooled pooled youth prime age pooled pooled youth prime age 

Prime age       -      -0.051***  0.014       -      - 

Male   -0.024**      -0.020*** -0.004 -0.030**  0.004 

Tertiary education   -0.067***      -0.067*** -0.083*** -0.107*** -0.075*** 

Secondary education   -0.019      -0.062*** -0.07*** -0.100*** -0.059*** 

Experience   -0.003**           - -0.005*** -0.010*** -0.004*** 

HH size – 1 member b)    0.010           a)      a)      a)      a) 

HH size – 2 members   -0.028*       0.019**  0.022*** -0.007  0.034*** 

HH size – 3 members   -0.029*       0.007  0.010 -0.016  0.020** 

Densely populated area    0.026*      -0.021*** -0.019*** -0.013 -0.021*** 

Medium-populated area    0.003      -0.022** -0.018** -0.004 -0.022** 

Pseudo R2    0.044       0.031  0.051  0.045  0.047 

AUC    0.668       0.634  0.667  0.648  0.666 

N    x     x  1596         x     x     x   x      x  9003  8927  2424  6503 

 
 
Table 1c - cont.  

        FR               IT          PL   

 pooled pooled youth prime age pooled pooled youth prime age pooled pooled youth prime age 

Prime age -0.053***    -0.039*** -0.011**      -         -  

Male -0.007    -0.014*** -0.011*** -0.009    -0.025***  

Tertiary education -0.062***    -0.038*** -0.049*** -0.049***    -0.071***  

Secondary education -0.016**    -0.032*** -0.037*** -0.042***    -0.035**  

Experience    -    - -0.002*** -0.008***    -0.007***  

HH size – 1 member b)  0.019**    -0.004 -0.003 -0.021        a)  

HH size – 2 members  0.01    -0.003 -0.001 -0.015     0.004  

HH size – 3 members  0.006    -0.007 -0.006 -0.011    -0.013  

Densely populated area  0.011**    -0.010** -0.010** -0.003     0.005  

Medium-populated area  0.009    -0.006 -0.005  0.014     0.003  

Pseudo R2  0.054     0.030  0.040  0.036     0.049  

AUC  0.678     0.643  0.664  0.648     0.676  

N  8629     x     x       x  13505  13505  3377          x        x   3702     x 

 
Note: a) * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% level.  a) One- and two-person households   
merged due to a low share of observations in the first category. 
Source: EU-SILC UDB 2013, version 2 of August 2015; own computations. 
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Table 2 below documents striking differences in the contributions of “ins”, “outs”, and of changes in 

labour force to the observed evolutions in unemployment rates. These developments confirm 

substantial cross-country and age-based heterogeneity in labour market adjustments paths in the time 

of the Great Recession. Yet, in terms of prevailing tendencies, the results demonstrate disproportionate 

increases in youth unemployment rates compared to increases in prime-age unemployment rates in 

the initial period of the Great Recession (2008–2009). These disproportions were fed by flows from 

employment to unemployment, which accounted for far higher increases in youth unemployment rates 

than in prime-age unemployment rates. In contrast, had the flows from unemployment to employment 

been the only driver of unemployment rate dynamics, youth unemployment rates would actually have 

developed more favourably than prime-age unemployment rates. After a short break in 2010–2011, 

when the development of youth unemployment rates started to resemble and sometimes even 

outperform prime-age unemployment rates, the most recent period covered by our data (2012) shows 

again the prevailing tendency of youth unemployment rates to increase more rapidly than prime-age 

unemployment rates (with Spain as the only exemption). The 2012 balance of “ins” and “outs” thus 

reflects a new round of disproportionate increases in youth unemployment rates compared to prime-

age unemployment rates. Similarly to 2008–2009, the main problem behind these disproportions is the 

relatively higher flows of young workers from employment to unemployment.    

The results in Table 2 enable us to identify the sources of different dynamics in youth unemployment 

rates across countries and time. For instance, the contributions of “outs” (i.e., of outflows from 

unemployment) to the unemployment rate dynamics in Spain and Austria were comparable during 

2008–2009 and 2010–2011. The decisive source of strikingly different youth unemployment rate 

dynamics of these two countries was actually represented by relatively much higher “ins” (i.e., by 

relatively much higher inflows of young workers into unemployment) in Spain. However, for 2012, better 

results were registered in the contribution of “outs” in Spain than Austria, and the dynamics of youth 

unemployment rate in Spain was eventually even more favourable than in Austria. Yet our results also 

document that further improvements are still hindered by comparatively the highest exposure of young 

Spaniards to job losses or, alternatively, by relatively the highest inflows into youth unemployment.  
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Table 2 Decomposition of unemployment rate dynamics (monthly averages, in percentage points) 

Country/ 
period 

∆ (
𝑈

𝐿𝐹
) 

Contribution  
of  “INS” (+) 

λ
𝐸𝑈 𝐸𝑡−1
𝐿𝐹𝑡

    λ
𝐼𝑈 𝐼𝑡−1
𝐿𝐹𝑡

  
Contribution  
of “OUTS” (-) 

−λ
𝑈𝐸 𝑈𝑡−1

𝐿𝐹𝑡
 −λ

𝑈𝐼 𝑈𝑡−1
𝐿𝐹𝑡

 
Contr. of 
changing LF 

AT 2008–09         

Prime age 0.0311 0.7845 0.7297 0.0548 -0.7599 -0.6685 -0.0914  0.0065 

Youth -0.1660 1.3498 1.1001 0.2498 -1.5124 -1.1797 -0.3327 -0.0034 

 AT 2010–11         

Prime age -0.0788 0.6160 0.5533 0.0628 -0.6992 -0.6127 -0.0866  0.0044 

Youth -0.2594 1.2005 0.9697 0.2308 -1.4543 -1.1670 -0.2873 -0.0056 

AT 2012         

Prime age -0.0012 0.5719 0.5354 0.0364 -0.5743 -0.5180 -0.0563 0.0012 

Youth 0.0408 1.0867 0.8436 0.2431 -1.0120 -0.9025 -0.1095 -0.0339 

CZ 2008–09         

Prime age 0.0786 0.4095 0.3619 0.0475 -0.3302 -0.3069 -0.0234 -0.0006 

Youth 0.1612 0.8378 0.5182 0.3196 -0.6365 -0.5595 -0.0770 -0.0402 

CZ 2010–11         

Prime age -0.0964 0.3191 0.2887 0.0304 -0.4148 -0.3836 -0.0312 -0.0006 

Youth -0.0608 0.9196 0.4654 0.4542 -0.9148 -0.8135 -0.1014 -0.0655 

CZ 2012         

Prime age 0.0780 0.4318 0.3891 0.0427 -0.3491 -0.3287 -0.0204 -0.0047 

Youth 0.0977 0.9469 0.4598 0.4871 -0.7645 -0.6717 -0.0928 -0.0847 

ES 2008–09         

Prime age 0.3080 1.1727 1.0535 0.1193 -0.8641 -0.7768 -0.0873 -0.0006 

Youth 0.4432 1.9669 1.6931 0.2737 -1.4785 -1.3286 -0.1499 -0.0452 

ES 2010–11         

Prime age 0.1791 1.1002 0.9189 0.1813 -0.9041 -0.8088 -0.0953 -0.0170 

Youth 0.1446 1.8244 1.4199 0.4045 -1.5977 -1.3550 -0.2426 -0.0821 

ES 2012         

Prime age 0.0926 1.1173 1.1089 0.0084 -1.0321 -1.0091 -0.0230 0.0074 

Youth 0.0036 1.5550 1.4727 0.0823 -1.5106 -1.4612 -0.0494 -0.0408 

FR 2008–09         

Prime age 0.0916 0.4532 0.4292 0.0240 -0.3623 -0.3276 -0.0347 0.0007 

Youth 0.1252 1.1087 0.9230 0.1858 -0.9255 -0.8313 -0.0942 -0.0581 

FR 2010–11         

Prime age -0.0407 0.3760 0.3504 0.0255 -0.4153 -0.3890 -0.0263 -0.0014 

Youth -0.0311 1.1350 0.8799 0.2551 -1.0941 -1.0059 -0.0881 -0.0721 

FR 2012         

Prime age 0.0242 0.4447 0.4247 0.0200 -0.4196 -0.3879 -0.0317 -0.0009 

Youth 0.1678 1.3437 1.0912 0.2525 -1.1115 -1.0138 -0.0977 -0.0645 

IT 2008–09         

Prime age 0.0189 0.4457 0.3788 0.0669 -0.4358 -0.3404 -0.0954 0.0090 

Youth 0.0893 0.9923 0.6276 0.3647 -0.8768 -0.6426 -0.2342 -0.0262 

IT 2010–11         

Prime age 0.0094 0.6170 0.4937 0.1233 -0.6092 -0.5065 -0.1027 0.0015 

Youth 0.0655 1.4735 0.9650 0.5085 -1.3177 -1.0606 -0.2571 -0.0903 

IT 2012         

Prime age 0.0515 0.5106 0.4905 0.0201 -0.4620 -0.4448 -0.0172 0.0028 

Youth 0.1602 1.0252 0.7744 0.2508 -0.8075 -0.7585 -0.0490 -0.0575 

PL 2008–09         

Prime age 0.0648 0.4748 0.3910 0.0838 -0.4088 -0.3597 -0.0491 -0.0012 

Youth 0.1974 0.9511 0.6529 0.2982 -0.6974 -0.6299 -0.0675 -0.0563 

PL 2010–11         

Prime age 0.0238 0.5294 0.4684 0.0611 -0.5063 -0.4518 -0.0545 0.0007 

Youth -0.0214 0.9993 0.6961 0.3032 -0.9643 -0.8663 -0.0980 -0.0564 

PL 2012         

Prime age 0.0151 0.3902 0.3626 0.0276 -0.3796 -0.3475 -0.0321 0.0046 

Youth 0.0855 0.8987 0.6498 0.2488 -0.7501 -0.7075 -0.0426 -0.0632 

Source: EU-SILC UDB 2010, version 5 of August 2014; EU-SILC UDB 2012, version 1 of August 2014; EU-SILC UDB 2013, 
version 2 of August 2015; own computations. The results are affected by rounding.  
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5. Determinants of unemployment exits 

In the previous section we showed that Austria and Spain represent two extreme developments on 

youth labour markets, while France is the most appropriate representative of an “average” youth labour 

market (see, e.g., Figures 5 and 6). While in the previous section we put these three countries into a 

broader international perspective, in this section we limit our focus to them only.  Log-rank tests prove 

that, in most cases, youth survival functions depicted in Figure 7 evolve differently from the reference 

group of prime-age unemployed. In general, it takes significantly shorter time for the youth to exit 

unemployment and find a job. Alternatively, we can argue that young unemployed typically do not suffer 

from longer job search than prime-age unemployed.  

Figure 7 Kaplan-Meier survival function estimates: probabilities of remaining unemployed over time 
(youth 16–34; prime age 35–54; period 1: 2008–2009, period 2: 2010–2011; period 3: 2012)

 

Note: Analysis time = unemployment spells in months. Vertical axis = the share of open spells. Except for Spain (per.1), Austria 
(per. 2), Austria and Spain (per. 3), log-rank tests reject the null hypothesis of equality of survival functions for age groups. 
Source: EUSILC UDB 2010, version 5 of August 2014; EUSILC LONGITUDINAL UDB 2012, version 1 of August 2014; EU-
SILC UDB 2013, version 2 of August 2015; own computations. 

0

.2
5

.5
.7

5

1

0 2 4 6 8 10 12 14 16 18 20 22 24
analysis time

95% CI 95% CI

Youth AT period 1 Prime age AT period 1

0

.2
5

.5
.7

5

1

0 2 4 6 8 10 12 14 16 18 20 22 24
analysis time

95% CI 95% CI

Youth AT period 2 Prime age AT period 2

0

.2
5

.5
.7

5

1

0 1 2 3 4 5 6 7 8 9 10 11 12
analysis time

95% CI 95% CI

Youth AT period 3 Prime age AT period3

0

.2
5

.5
.7

5

1

0 2 4 6 8 10 12 14 16 18 20 22 24
analysis time

95% CI 95% CI

Youth ES period 1 Prime age ES period 1

0

.2
5

.5
.7

5

1

0 2 4 6 8 10 12 14 16 18 20 22 24
analysis time

95% CI 95% CI

Youth ES period 2 Prime age ES period 2

0

.2
5

.5
.7

5

1

1 2 3 4 5 6 7 8 9 10 11 12
analysis time

95% CI 95% CI

Youth ES period 3 Prime age ES period 3

0

.2
5

.5
.7

5

1

0 2 4 6 8 10 12 14 16 18 20 22 24
analysis time

95% CI 95% CI

Youth FR period 1 Prime age  FR period 1

0

.2
5

.5
.7

5

1

0 2 4 6 8 10 12 14 16 18 20 22 24
analysis time

95% CI 95% CI

Youth FR period 2 Prime age FR period 2

0

.2
5

.5
.7

5

1

1 2 3 4 5 6 7 8 9 10 11 12
analysis time

95% CI 95% CI

Youth FR period 3 Prime age FR period 3



24 Flek and Mysíková 

 
 
The results also show rather dramatic declines in job-finding prospects among the young and prime-

age unemployed, a finding which is most apparent when comparing the periods 2008–2009 and 2012.  

Figure 7 further illustrates the gap between youth labour market performance in Austria and the 

remaining countries. For instance, in 2010–2011, 44 per cent of young Austrian unemployed managed 

to find a job after four months of unemployment, in France and Spain it was only 29 and 21 per cent, 

respectively. When comparing the situation after unemployment lasting for a minimum six months (or 

one year), Austria again boasts relatively best job-finding prospects of young unemployed in all three 

analysed periods.  

As the next step we present eighteen duration models (for three periods, three countries, and two age 

categories), which do not reflect explicitly the presence of unobserved heterogeneity. Without 

controlling for unobserved heterogeneity, the hazard ratios of duration intervals are almost always 

significant.  This stage of analysis indicates that negative duration dependence affects significantly and 

persistently the job-finding probability in all countries, periods and age groups. Then we report the 

results with gamma frailty for cases when the likelihood ratio tests of Gamma variance proved 

a significant impact of unobserved heterogeneity on model results. Actually, this concerns only four out 

of the eighteen models. The impact of unobserved heterogeneity on the significance of results 

represents a long-known problem that alters the results of many studies:  “Given the problems in 

separately identifying the effect of unobserved heterogeneity and true duration dependence it is 

possible that the controls for unobserved heterogeneity take out too much” (Machin and Manning, 1999, 

p. 1136). Further discussion on the topic is beyond the scope of the present paper. To eliminate 

spurious duration dependence, we eventually decided not to discuss the results where the controls for 

unobserved heterogeneity proved the insignificance of duration intervals for job-finding probability. Yet, 

by doing so we probably miss part of the story especially for French and Austrian youth in 2008–2009.  

 

Duration dependence of youth unemployment was apparently gaining in relevance as the Great 

Recession progressed. That is why the developments had potential policy implications particularly in 

the two most recent periods, namely in for 2010–2011 and 2012. In Austria additional policy measures 

had to concentrate on young people who remained unemployed for more than six (four) months, as 

their chances to find a job were already comparable with the situation of long-term young unemployed. 

In France, the targeted unemployment duration represented 10+ months in both periods, as all shorter 

duration intervals were associated with significantly higher job-finding probability compared to a 

reference spell representing long-term unemployment. In Spain, the situation changed most 

dramatically between the two periods. In the first one, the policy had in principle to focus on all young 

people who remained unemployed for ten months or less.  In direct contrast, in 2012 it had to 

concentrate on those whose unemployment durations exceeded ten months. In any case, these results 

fail to provide much support for the "Youth Guarantee" idea, according to which young people in all EU 
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member countries should uniformly be offered a quality job, apprenticeship or training within four 

months after graduation or job loss.  

The analysis of explanatory variables does not confirm the overall presence of statistically significant 

gender-based differences in job finding prospects. In contrast, convincing evidence established that the 

chance for a young unemployed to find a job increases with secondary and/or tertiary education. 

Furthermore, the results largely confirm previous findings from Section 3 which determined a link 

between a chance to find a job and the unemployed person’s age: At the age of 25–29 a young person 

has the highest probability to move from unemployment to employment in the majority of countries and 

periods analysed. This indicates that employers tend to avoid hiring the relatively immature young 

unemployed with a presumably short or altogether empty employment record. 

Table 3a Youth hazard ratios of transition from unemployment to employment (age 16–34; 2008–2009) 

 AT AT a) ES  FR FR a) 

γ1 (1.-2.month) 4.029*** 0.477 3.444*** 1.514** 0.582 

γ2 (3.-4.month) 3.123*** 0.629 3.517*** 1.623** 0.743 

γ3 (5.-6.month) 2.451** 0.671 3.031*** 1.607** 0.862 

γ4 (7.-10.month) 1.458 0.524 2.067*** 1.376* 0.894 

γ5 (11.-15.month) 2.336** 1.225 2.212*** 0.958 0.759 

Male 1.446*** 1.659** 1.092 0.911 0.884 

Tertiary education 1.248 1.409 1.380*** 2.158*** 3.061*** 

Secondary education 1.319** 1.907*** 1.100 1.522*** 1.759*** 

Age 20–24 1.624*** 2.206*** 1.283** 1.024 1.034 

Age 25–29 1.790*** 2.390*** 1.327*** 0.876 0.804 

Age 30–34 1.616** 2.072** 1.289** 0.771 0.707 

HH size: 1 member  1.618** 3.452*** b) 1.732*** 2.315*** 

HH size: 2 members 1.905*** 2.843*** 1.440*** 1.438*** 1.521*** 

HH size: 3 members 1.143 1.314 1.118 1.141 1.202 

Densely populated area 0.738** 0.594** 0.766*** 0.643*** 0.534*** 

Medium-populated area 1.027 0.939 0.847** 0.684*** 0.588*** 

Constant 0.012*** 0.058*** 0.018*** 0.046*** 0.118*** 

Log-Likelihood -977.8 -970.4 -4201.8 -1731.4 -1728.4 

LR test of Gamma var. (p-value) - 0.000 - - 0.007 

N (U spells) 541 541 2237 896 896 

Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% 
level. a) Results with gamma frailty reported only when the likelihood ratio test of Gamma variance significantly proved the 
impact of unobserved heterogeneity on model results. b) One- and two-person households merged due to a low share of 
observations in the first category. 
Source: EUSILC UDB 2010, version 5 of August 2014; own computations. 
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Table 3b Youth hazard ratios of transition from unemployment to employment (age 16–34; 2010–2011) 

 AT ES ES a)  FR 

γ1 (1.-2.month) 3.637*** 2.318*** 1.137 1.977*** 

γ2 (3.-4.month) 3.207*** 2.578*** 1.408 1.640*** 

γ3 (5.-6.month) 2.600** 2.632*** 1.608 1.699*** 

γ4 (7.-10.month) 1.365 1.619*** 1.110 1.457** 

γ5 (11.-15.month) 1.595 2.132*** 1.719*** 1.361 

Male 1.051 1.122* 1.159 1.032 

Tertiary education 1.450* 1.381*** 1.542*** 1.774*** 

Secondary education 1.410** 1.112 1.165 1.446*** 

Age 20-24 2.044*** 1.722*** 1.968*** 1.283 

Age 25-29 2.644*** 2.036*** 2.417*** 1.378* 

Age 30-34 2.045*** 1.753*** 2.042*** 0.948 

HH size – 1 member b) 1.279 b) b) 1.690*** 

HH size – 2 members 1.012 1.332*** 1.475*** 1.524*** 

HH size – 3 members 0.840 1.087 1.121 1.208* 

Densely populated area 0.676*** 0.636*** 0.574*** 1.429*** 

Medium-populated area 0.740* 0.775*** 0.731*** 0.944 

Constant 0.020*** 0.013*** 0.023*** 0.020*** 

Log-Likelihood -872.2 -3476.0 -3474.1 -2007.6 

LR test of Gamma var. (p-value) - - 0.024 - 

N (U spells) 466 1952 1952 1014 

 

Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% 
level. a) Results with gamma frailty reported only in cases when the likelihood ratio test of Gamma variance significantly proved 
the impact of unobserved heterogeneity on model results. b) One- and two-person households merged due to a low share of 
observations in the first category. 
Source: EUSILC LONGITUDINAL UDB 2012 – version 1 of August 2014. Authors’ computations. 
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Table 3c Youth hazard ratios of transition from unemployment to employment (age 16–34; 2012) 

 AT ES FR 

γ1 (1.-2.month) 6.127** 4.715*** 4.965*** 

γ2 (3.-4.month) 6.542*** 5.186*** 5.218*** 

γ3 (5.-6.month) 2.118 6.736*** 4.845*** 

γ4 (7.-10.month) 2.934 3.208*** 3.010*** 

Male 1.204 0.987 0.800** 

Tertiary education 1.886* 1.646*** 1.735*** 

Secondary education 1.662** 1.434*** 1.549*** 

Age 20–24 0.822 2.312*** 2.499*** 

Age 25–29 0.662 2.244*** 2.235*** 

Age 30–34 0.774 2.133*** 1.907** 

HH size: 1 member  1.693** a) 1.357 

HH size: 2 members 1.034 1.327*** 1.395** 

HH size: 3 members 0.765 0.999 0.979 

Densely populated area 0.450*** 0.693*** 0.817* 

Medium-populated area 0.553*** 0.872 0.771* 

Constant 0.027*** 0.004*** 0.005*** 

Log-Likelihood -463.3 -2674.1 -1329.3 

LR test of Gamma var. (p-value) - - - 

N (U spells) 315 2133 981 

Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% 
level. a) One- and two-person households merged due to a low share of observations in the first category.                                                                                                      
Source: EU-SILC UDB 2013, version 2 of August 2015; own computations. 

Household size affects negatively the probability of young unemployed to find a job, although with 

varying significance. This suggests that other members of respondents’ households (parents) might 

contribute decisively to the common budget, and thus reduce the drive of the young unemployed to 

search for a job. The hazard ratios for higher population density are often significant and lower than 

one, which seems in contradiction with the assumption that bigger cities provide more job opportunities 

and thus better chance to enter employment from unemployment. This result might be due to higher 

reservation wages and/or better opportunities to participate in informal economy.   

Tables A4–A6 in Appendix suggest that prime-age hazard functions generally display a higher 

sensitivity of chances to find a job to the duration of unemployment episodes. Among other findings, 

the impact of age on the prospects to find a job among prime-age unemployed is worth noting, 

especially the significant negative impact of the category 45+. This suggests that the presumed skill 

obsolescence and deterioration in human capital associated with this age group functions as a negative 

signal to potential employers, and diminish the chances of older unemployed to find a job.  
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6. Summary 

Our results confirm with full uniformity higher youth labour market dynamics (measured as a relative 

involvement of individuals in gross labour market flows) compared to prime-age. We argue that such 

developments suggest the presence of labour market marginalisation of young people. A more detailed 

analysis of flow transition rates sends the following main message - the policy priority must be to lower 

the gap between unemployment risk faced by young and prime-age workers. An age-based gap in the 

risk of job loss is remarkable in all countries analysed, irrespective of possible institutional or business-

cycle differences and other national specificities. Its presence is suggests that employers treat young 

people as the “risk” group.  Insider power of core (prime-age) workers is likely to further aggravate the 

stability of jobs held by young workers.   

The patterns of youth labour market transitions in the analysed countries differ remarkably.  However, 

it is important to realise that poorly performing youth labour markets, represented especially by Spain 

in our research, have not failed in all relevant respects. We established the existence of two major 

obstacles to their development: the highest risk of job loss faced by young workers combined with the 

highest unemployment risk faced by previously inactive young people. However, over time, Spain 

appears to succeed remarkably in lowering the later risk. The policy in Spain should therefore 

concentrate most urgently on higher stability of jobs held by young people, as the remaining flow 

transition rates of young Spaniards are similar or in some cases even better compared to the remaining 

countries.  

Given the key role of transitions from employment to unemployment for the pessimistic labour market 

perspectives of young people, we analysed the factors (individual and other characteristics) that 

influence the probability of losing job and becoming unemployed. Binary probit estimation results stress 

the importance of a policy targeted on job protection of young people, who need to gain work experience 

promptly after entering the labour market. The effect of education on lowering the risk of job loss and 

becoming unemployed  is apparent for individuals of any age; still, it seems that higher education 

typically decreases the probability of becoming unemployed more for young workers then for prime 

aged.  

Our analysis documents movements in and out of unemployment and their disproportionate influence 

on youth and prime-age unemployment rates in the initial period of the Great Recession. The flows from 

employment to unemployment were the decisive source of youth unemployment rates increasing more 

rapidly than prime-age unemployment rates. In direct contrast, had the flows from unemployment to 

employment been the only driver of unemployment rate dynamics, youth unemployment rates would 
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actually have developed more favourably than prime-age unemployment rates. After a break in 2010–

2011, when the development of youth unemployment rates started to resemble and sometimes even 

outperform prime-age unemployment rates, the most recent period covered by our data (2012) shows 

again the prevailing tendency of youth unemployment rates to grow more rapidly than prime-age 

unemployment rates.  These disproportionate increases in youth unemployment rates were again 

mostly the result of the relatively higher contribution of inflows into unemployment. This additionally 

confirms that youth unemployment rates cannot decline in sustainable and remarkable manner without 

more policy emphasis on job stability of young people (including perhaps some additional job-protection 

or job-subsidy measures).   

Our hazard model estimations show that the category of primary educated young unemployed face 

lower probability of finding a job. With varying significance this holds also for categories of low age, big 

households and, perhaps surprisingly, big cities. A negative duration dependence of youth 

unemployment initially appeared to be relatively weaker compared to prime-age unemployment. 

Nonetheless, as the Great Recession progressed, unemployment duration started to exert a bigger 

influence on the employment perspectives of unemployed young people than in its initial period - hazard 

model estimations with more recent data confirm in most cases that the probability of finding a job was 

higher within shorter unemployment spells.  

As for policy relevance of these estimations, they provide a certain background for targeting the groups 

of young unemployed according to the main risk factors (individual and other characteristics).  In 

addition, we should stress the policy implications of duration dependence established for the two most 

recent periods covered by our analysis, namely for 2010-2011 and 2012. In Austria additional policy 

measures had to concentrate on young people who remained unemployed for more than six (four) 

months. In France, the targeted unemployment duration represented 10+ months in both periods. Spain 

underwent the most dramatic change between the two periods. While in the first the policy had in 

principle to focus on all young people who remained unemployed for ten months or less, in direct 

contrast, additional policy attention in 2012 had to address those who stayed unemployed for more than 

ten months. That is why we find less empirical support for the "Youth Guarantee" idea according to 

which all Member States have to provide young people uniformly with a quality job offer, an 

apprenticeship or training within four months after graduation or job loss.  
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Appendix 
 
 
Table A 4 Prime-age hazard ratios of transition from unemployment to employment  
(age 35–54; 2008–2009) 
 

 AT ES FR 

γ1 (1.-2.month) 9.106*** 5.432*** 2.062*** 

γ2 (3.-4.month) 10.808*** 5.193*** 2.030*** 

γ3 (5.-6.month) 4.296*** 4.583*** 2.150*** 

γ4 (7.-10.month) 2.575** 3.203*** 2.042*** 

γ5 (11.-15.month) 2.139 2.262*** 0.874 

Male 1.612*** 1.026 0.982 

Tertiary education 1.530** 1.124 1.831*** 

Secondary education 1.602*** 1.100 1.242 

Age 40-44 0.817 1.145* 0.766* 

Age 45-49 0.731** 1.038 0.824 

Age 50-54 0.824 0.928 0.705** 

HH size – 1 member 1.176 a) 1.411** 

HH size – 2 members 1.177 0.954 0.961 

HH size – 3 members 1.009 0.955 1.017 

Densely populated area 0.641*** 0.675*** 0.796 

Medium-populated area 0.685*** 0.684*** 1.104 

Constant 0.014*** 0.019*** 0.027*** 

Log-Likelihood -996.8 -4030.9 -1326.9 

N (U spells) 548 2260 722 

Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% 
level. a) One- and two-person households merged due to a low share of observations in the first category. 
Source: EUSILC UDB 2010, version 5 of March 2014; own computations. 
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Table A 5 Prime-age hazard ratios of transition from unemployment to employment  
(age 35–54; 2010–2011) 

 

 AT ES FR 

γ1 (1.-2.month) 4.956*** 3.986*** 1.691*** 

γ2 (3.-4.month) 3.845*** 3.710*** 1.903*** 

γ3 (5.-6.month) 3.201*** 3.562*** 1.691*** 

γ4 (7.-10.month) 1.732 2.096*** 1.358* 

γ5 (11.-15.month) 2.340** 3.197*** 1.155 

Male 1.450*** 1.271*** 1.109 

Tertiary education 1.336 1.273*** 1.188 

Secondary education 1.263* 1.011 1.257* 

Age 40-44 0.957 1.019 1.192 

Age 45-49 0.720** 0.997 0.967 

Age 50-54 0.510*** 0.771*** 0.715** 

HH size – 1 member 0.646** a) 1.032 

HH size – 2 members 1.104 1.051 0.712** 

HH size – 3 members 0.827 1.178** 0.825 

Densely populated area 0.428*** 0.559*** 1.326** 

Medium-populated area 0.721** 0.711*** 1.146 

Constant 0.046*** 0.017*** 0.030*** 

Log-Likelihood -997.3 -4067.8 -1677.3 

N (U spells) 519 2353 822 

 

Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% 
level. a) One- and two-person households merged due to a low share of observations in the first category. 
Source: EUSILC LONGITUDINAL UDB 2012 – version-1 of August 2014; own computations. 
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Table A 6 Prime-age hazard ratios of transition from unemployment to employment  
(age 35–54; 2012) 
 

 AT ATa) ES FR 

γ1 (1.-2.month) 6.297*** 2.479 5.467*** 4.480*** 

γ2 (3.-4.month) 6.291*** 3.870** 6.379*** 3.811*** 

γ3 (5.-6.month) 2.710 2.094 6.271*** 3.597*** 

γ4 (7.-10.month) 1.822 1.632 3.574*** 2.752** 

Male 1.179 1.372 1.146** 1.267* 

Tertiary education 1.230 1.267 1.161 1.484* 

Secondary education 1.098 1.073 1.129 1.619*** 

Age 40-44 0.866 0.696 0.979 0.644** 

Age 45-49 0.739 0.582* 0.849* 0.777 

Age 50-54 0.410*** 0.260*** 0.728*** 0.490*** 

HH size: 1 member  1.106 1.034 b) 0.870 

HH size: 2 members 0.988 0.914 1.154 0.888 

HH size: 3 members 1.177 1.150 1.222** 0.863 

Densely populated area 0.266*** 0.166*** 0.554*** 0.897 

Medium-populated area 0.668** 0.559** 0.707*** 0.827 

Constant 0.037*** 0.154* 0.009*** 0.014*** 

Log-Likelihood -532.0 -530.0 -3629.6 -958.0 

LR test of Gamma var. (p-value) - 0.022 - - 

N (U spells) 394 394 3048 734 

 

Note: * statistically significant at the 10% level; ** statistically significant at the 5% level; *** statistically significant at the 1% 
level. a) Results with gamma frailty introduced only in cases when the likelihood ratio test of Gamma variance significantly 
proved the impact of unobserved heterogeneity on model results. b) One- and two-person households merged due to a low 
share of observations in the first category. 
Source: EUSILC LONGITUDINAL UDB 2012 – version-1 of August 2014; own computations. 
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